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Learning the Poisson Distribution in R: A Tutorial on dpois, ppois, gpois, and rpois

This comprehensive guide is designed for analysts and data scientists utilizing the R programming

environment to perform rigorous statistical analysis. We delve into the four fundamental functions
essential for mastering the Poisson distribution. The Poisson distribution is a cornerstone of

statistical modeling, particularly effective for quantifying the number of independent events that
occur within a fixed interval of time or space, assuming these events happen at a constant average
rate. Profound understanding of these functions--which correspond directly to the standard
components of any probability distribution--is crucial for effective statistical simulation and
inference in R:

dpois: Calculates the value of the Probability Mass Function (PMF). This function determines the

probability of observing exactly x events.

ppois: Calculates the value of the Cumulative Distribution Function (CDF). This yields the

probability of observing q events or fewer.

gpois: Calculates the value of the Quantile Function (the inverse CDF). This provides the specific

count corresponding to a given percentile or cumulative probability.

rpois: Generates a vector of random variables that follow the specified Poisson distribution,

essential for simulation purposes.

In the subsequent sections, we provide detailed theoretical explanations, formal definitions, and
practical, real-world examples demonstrating how to apply each of these powerful R functions. We
will focus on scenarios involving count data, rare events, and setting meaningful performance
benchmarks.

dpois: Calculating Exact Probabilities (The PMF)

The dpois function, which stands for density of the Poisson distribution, is the primary tool for
calculating the probability that a discrete random variable, governed by a Poisson process, takes

on a specific, exact integer value. This function mathematically represents the Probability Mass
Function (PMF). The PMF is crucial in discrete probability theory because it allows us to quantify
the likelihood of observing a precise number of outcomes. It is typically employed when the
average expected rate of occurrences (known as lambda, symbolized by $lambda$) is fixed, and
the analyst needs to determine the likelihood of observing a precise nhumber of occurrences (x).
Understanding the PMF is foundational to working with discrete probability distributions, as it
allows us to quantify the likelihood of specific outcomes.

The structure of the function is straightforward, requiring two core parameters for its calculation:

dpois(x, lambda)
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The arguments required for the function are defined as follows:

X: Represents the specific number of events or successes for which the probability is being
calculated. This must be a non-negative integer.

lambda: Denotes the average rate of success, or the mean number of events expected to occur
during the specified interval. It is critical to remember that in the context of the Poisson distribution,
lambda ($lambda$) uniquely serves as both the mean ($mu$) and the variance ($sigma”23$) of the
distribution.

Consider a common practical application in business analytics: a high-traffic e-commerce platform
historically averages 10 sales per hour. Management needs to assess the probability of a specific
performance outcome--say, making exactly 8 sales in the next hour. Since we are interested in a
precise, singular number of occurrences, dpois is the correct function to apply.

Scenario: Given an average rate of 10 sales per hour, what is the probability that the
website records exactly 8 sales during a randomly selected hour?

dpois(x=8, lambda=10)

#0.112599

The resulting calculation shows that the probability of the site achieving exactly 8 sales, given its
average rate of 10 sales per hour, is approximately 0.112599. This translates to an 11.26% chance
of observing this specific outcome.

ppois: Calculating Cumulative Probabilities (The CDF)

The ppois function (probability of the Poisson distribution) is fundamentally important for
calculating cumulative probabilities. This function contrasts sharply with dpois; instead of
returning the probability for a single exact value, ppois returns the aggregated probability that the
number of successes observed is less than or equal to a specified quantity. In formal terms, it
calculates the value of the Cumulative Distribution Function (CDF) for the Poisson model.
Applications for ppois are extensive, often used in inventory management, risk assessment, and
quality control to gauge the likelihood of outcomes falling within acceptable or critical ranges.

ppois(qg, lambda)

The function parameters are similar to dpois, but the interpretation of the first argument, g, defines
the upper boundary of the cumulative range:

PSYCHOLOGICAL STATISTICS statistics.arabpsychology.com



https://statistics.arabpsychology.com/?p=13365
https://statistics.arabpsychology.com
https://statistics.arabpsychology.com

Learning the Poisson Distribution in R: A Tutorial on dpois, ppois, gpois, and rpois

g: Represents the maximum number of events; the calculation determines the probability P(X
$leg$ q).

lambda: The established average rate of success (the mean of the Poisson distribution).

Returning to our website sales example (average $lambda = 10$), we shift our focus from an exact
performance level to a broader performance category, specifically, the likelihood of a slow hour.
We want to quantify the total probability of achieving 8 sales or fewer. This requires aggregating
the probabilities of 0, 1, 2, ..., up to 8 sales.

Scenario 1: Given an average of 10 sales per hour, what is the probability that the site
registers 8 sales or less in a given hour?

ppois(q=8, lambda=10)

#0.3328197

The calculation reveals that the probability of the site experiencing 8 sales or less (a relatively slow
hour) is approximately 0.3328197, or about 33.28%.

Furthermore, ppois is indispensable for calculating the complementary probability--that is, the
probability of observing more than a specified number of events (P(X $>$ q)). Since the total
probability space must always sum to 1, this calculation is efficiently achieved by subtracting the
cumulative probability P(X $leg$ q) from 1. This technique is often used when calculating the
probability of exceeding a threshold.

Scenario 2: Given an average of 10 sales per hour, what is the probability that the site
registers more than 8 sales in a given hour?

1 - ppois(q=8, lambda=10)

#0.6671803

By utilizing the complement rule (1 - P(X $leq$ 8)), we determine that the probability of the site
making more than 8 sales in an hour is 0.6671803. This showcases the versatility of ppois in
addressing various forms of probability queries within the Poisson framework.

gpois: Determining Quantiles (The Inverse CDF)
The gpois function (quantile of the Poisson distribution) functions as the quantile function,
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serving as the mathematical inverse of the cumulative distribution function (CDF). Instead of
supplying a count to derive a probability (as with ppois), we input a target cumulative probability
(p) to determine the corresponding minimum number of events that achieves or exceeds that
percentile. Essentially, gpois finds the critical threshold--the smallest integer count required such
that the cumulative probability up to that count is greater than or equal to the desired percentile.
This utility is paramount in defining service level agreements (SLAs), calculating confidence
intervals, and establishing statistical performance benchmarks.

gpois(p, lambda)

The arguments required for gpois reflect its inverse nature:

p: The target percentile or cumulative probability, which must be a value between 0 and 1.
lambda: The average rate of success, defining the mean of the underlying distribution.

To demonstrate, imagine the e-commerce manager wants to identify what level of hourly sales
performance constitutes an exceptionally good outcome, defined as the top 10% of performance.
By calculating the 90th percentile (p=0.90), they can objectively establish a benchmark for high
performance based on the historical average rate of 10 sales per hour.

Scenario: Given an average of 10 sales per hour, what is the minimum number of sales
required for the site to be at or above the 90th percentile for hourly sales?

gpois(p=.90, lambda=10)

#14

The output of 14 signifies the 90th percentile. This means that if the site makes 14 sales in an
hour, it has performed better than 90% of all expected hours under this distribution. Conversely,
90% of the time, the site makes 14 sales or fewer, confirming that 14 sales represents a
statistically high-performing outcome relative to the average.

rpois: Generating Random Variates for Simulation

The rpois function (random generation of the Poisson distribution) is the cornerstone of statistical
simulation and predictive modeling within the Poisson framework. Its core purpose is to efficiently
generate a specified number (n) of random variables that strictly follow a Poisson distribution,
which is defined by a given mean rate ($lambda$). This functionality is absolutely indispensable
across various quantitative fields, including finance, operational research, and queueing theory,
where researchers must simulate repeated, stochastic occurrences of events based on an
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established historical average rate. By generating these random variates in bulk, analysts can
conduct Monte Carlo simulations, estimate expected outcomes, or rigorously test statistical
hypotheses under complex, real-world conditions.

rpois(n, lambda)
The arguments required for generating these variates are straightforward:

n: The total number of random variables, or independent observations, that the function should
generate.

lambda: The average rate of success that defines the Poisson distribution being simulated.

Continuing our example, suppose we wish to project the sales performance of our e-commerce site
across 15 hypothetical, independent hours. We would utilize rpois to generate 15 distinct,
randomly sampled sales counts, all rooted in the known average rate of 10 sales per hour
($lambda=10%).

Scenario: Generate a vector of 15 random sales counts that follow a Poisson distribution
with an average rate ($lambda$) of 10.

rpois(n=15, lambda=10)

#138820810810131012810106

It is essential for any statistical work to recognize that the output produced by the rpois() function
is generated using a pseudorandom process, meaning the specific sequence of numbers will
change every time the command is executed. If the objective is to create a reproducible example,
statistical test, or simulation for research or validation purposes, the user must employ the
set.seed() command immediately preceding the call to rpois(). Using set.seed() initializes and
locks the random number generator sequence, thereby guaranteeing that the exact same
sequence of random variates is produced consistently across multiple runs and different machines,
ensuring fidelity in research outcomes.
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