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The Importance of Bin Size in Histograms

The Matplotlib library stands as the foundational tool for data visualization within the Python
ecosystem, offering robust capabilities for generating static, interactive, and animated graphics.
Central to its utility is the pl t . hi st () function, which is used to construct histograms. Histograms
are indispensable for visualizing the frequency distribution of continuous or discrete data. However,
the resulting visual narrative hinges critically upon how the underlying data is aggregated, a
process governed entirely by the size and count of the defined bins.

Selecting the optimal number or width for these bins is often the most significant decision when
designing an accurate and insightful histogram. An insufficient number of bins can smooth over
crucial details, leading to an overly generalized and simplified representation of the true distribution
pattern. Conversely, choosing too many bins introduces excessive noise and variability,
emphasizing random sampling fluctuations rather than revealing stable, underlying trends in the
data.

Fortunately, Matplotlib is designed with flexibility in mind, providing several precise mechanisms to
manage this critical binning process. This comprehensive guide explores three primary methods
available for adjusting the size and definition of intervals used in histogram generation,
empowering you to create visualizations that effectively communicate the specific characteristics of
your dataset.

To achieve precise control over your histogram's appearance, you can employ one of the following
practical strategies when calling the pl t . hi st () function:

Method 1: Specify Number of Bins

plt.hist(data, bins=6)

Method 2: Specify Bin Boundaries

plt.hist(data, bins=)

Method 3: Specify Bin Width

w=2
plt.hist(data, bins=np.arange(min(data), max(data) + w, w))

The subsequent examples provide detailed, step-by-step demonstrations showing how to
implement each of these techniques using a consistent sample dataset, clarifying the optimal
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scenarios for applying each approach to data visualization tasks.

Example 1: Specifying the Exact Number of Bins

The most straightforward and frequently used technique for controlling the appearance of a
histogram involves explicitly defining the total count of bins required. When an integer value is
passed to the bi ns argument within the pl t. hi st () function, Matplotlib automatically undertakes
the calculation necessary to determine the uniform width for each bin. This ensures that the
specified number of equally sized intervals collectively spans the entire observed range of the
dataset, from minimum to maximum values.

This approach is particularly valuable for generating quick exploratory visualizations or when
consistency in the number of data groupings is required across multiple visualizations for direct
comparative analysis. While this method offers ease of use, it operates under the assumption that
the automatically calculated bin boundaries--which may not be clean, intuitive integer values--are
acceptable for the analysis. This inherent trade-off prioritizes computational simplicity over
boundary interpretability.

The following Python code snippet illustrates the implementation of this method, instructing
Matplotlib to partition the sample dataset into precisely six bins. Notice the use of the edgecol or
argument to enhance visual clarity by distinguishing the boundaries of each bar.

import matplotlib.pyplot as plt

#define data
data =

#create histogram with specific number of bins
plt.hist(data, edgecolor="black’, bins=6)
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It is essential to recognize the direct inverse relationship between the count of specified bins and
the resultant bin width. Increasing the number of bins inevitably results in narrower intervals. While
this narrowing provides a higher resolution view of the data's concentration in small ranges, it can
simultaneously introduce visual volatility, making the plot appear erratic due to the low frequency
counts within many of these narrow groupings.

Example 2: Defining Custom Bin Boundaries

While the convenience of specifying a bin count is appealing, certain data analysis scenarios
necessitate that the bin boundaries correspond precisely to specific, contextually relevant values.
This is common when data must be categorized according to predefined thresholds, such as
income brackets or defined age ranges. In these instances, the most effective method is to supply
the bi ns argument with an explicit list or array of boundary values, granting the analyst meticulous
control over the interval edges.

When Matplotlib receives an array of boundary values, it treats these inputs as the precise edges
defining the bins. Statistically, if you provide $N$ boundary values, the function will generate $N-1$
bins. For example, the list defines five distinct, non-overlapping intervals: . This method guarantees
that the resulting bins are both statistically rigorous and directly interpretable within the specific
domain context of the analyzed data.

Employing defined boundaries proves especially useful when standardizing visualizations across
datasets that share common classification thresholds or when working with discrete variables
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where boundaries must fall on whole numbers. This precision is key to ensuring that the visual
representation accurately reflects categorical divisions.

The following code demonstrates how to apply exact bin boundaries to the sample dataset,
resulting in five custom-defined intervals, each spanning four units:

import matplotlib.pyplot as plt

#define data
data =

#create histogram with specific bin boundaries
plt.hist(data, edgecolor="black’, bins=)

0.0 25 5.0 75 10.0 125 15.0 17.5 20.0

While this method grants maximum control, it requires meticulous preparation to ensure that the
defined range fully encompasses the dataset. If any data points fall outside the specified minimum
and maximum boundary values, they will be excluded from the resulting histogram. This oversight
can potentially lead to incomplete or statistically misleading graphical representations,
underscoring the need for careful range verification.

Example 3: Calculating Bins Based on Desired Width

For continuous variables or very large datasets where statistical consistency is paramount, defining
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bins based on a fixed, desired width (W) is an exceptionally robust strategy. This method
guarantees that every interval represents the identical magnitude of change, which is vital for
standardized statistical reporting and accurate data comparison across different samples. Although
Matplotlib lacks a direct "bin width" argument, this precise effect is efficiently achieved by
leveraging the ar ange() function provided by the powerful scientific computing library, NumPy.

The nunpy. arange(start, stop, step) function is used here to generate a sequence of
perfectly evenly spaced values, which subsequently serve as the exact bin boundaries for the
histogram. In this context, the st ep argument is set equal to the desired bin width (W). It is
essential to calculate the sequence from the minimum data value up to, and slightly past, the
maximum data value (by adding W) to ensure that the largest data point is properly captured within
the final bin interval.

This approach offers high scalability and allows data scientists to dynamically tailor visualizations
based on objective statistical criteria, such as selecting a bin width equivalent to half a standard
deviation or another metric relevant to the data's inherent variability. It seamlessly combines the
precision of defining custom boundaries with the flexibility inherent in a programmatic, calculated
method.

The following code snippet demonstrates how to enforce a consistent bin width of 2 units across
the entire dataset by utilizing NumPy to generate the necessary array of boundary markers:

import matplotlib.pyplot as plt
import numpy as np

#define data
data =

#specify bin width to use
w=2

#create histogram with specified bin width
plt.hist(data, edgecolor="black’, bins=np.arange(min(data), max(data) + w, w))
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As observed in the previous examples, specifying a smaller bin width will inherently lead to a
greater number of narrower bins. The fundamental benefit of this calculation-based method,
however, is that the width (W) is mathematically fixed and explicitly determined, successfully
eliminating the subjective judgment often associated with merely choosing an arbitrary integer for
the total number of bins.

Understanding the Impact of Bin Selection

The decision regarding bin size transcends simple aesthetic preference; it profoundly influences
the visual perception and statistical interpretation of the underlying data distribution. This choice
forces a critical trade-off between two opposing goals: maximizing smoothing, which clarifies the
overall pattern, and maximizing resolution, which highlights fine-grained details and local
variations.

Data professionals frequently consult established statistical guidelines--such as Sturges' Rule, the
Freedman-Diaconis rule, or Scott's rule--to determine an appropriate optimal bin count. While
Matplotlib employs a sophisticated default algorithm (often based on heuristics like the Freedman-
Diaconis rule) when the bi ns argument is omitted, manual specification remains essential when
the default settings fail to emphasize specific features, or when rigorous consistency is required for
comparative studies.

Careful consideration of the consequences of your bin selection is paramount for accurate data
communication:

PSYCHOLOGICAL STATISTICS statistics.arabpsychology.com



https://statistics.arabpsychology.com/?p=8858
https://statistics.arabpsychology.com
https://statistics.arabpsychology.com

Learning to Visualize Data: Adjusting Bin Size in Matplotlib Histograms

Too few hins: This results in excessive aggregation and smoothing. Crucial distribution
characteristics, such as bimodality (having two distinct peaks) or the presence of significant
outliers, might be merged or completely obscured, leading to an inaccurate representation of the
data's true structure.

Too many bins: This generates a highly jagged, noisy plot with low counts in many bars. Although
the visualization is detailed, the overall distribution shape becomes difficult to discern, and the
chart exhibits high sensitivity to minor sampling variations, potentially confusing noise with signal.

Achieving effective data visualization often requires iterative experimentation. The most reliable
approach to determining the optimal bin configuration is to systematically test all three methods--
defining the count, specifying custom boundaries, and calculating a fixed width--and critically
evaluate how each resulting histogram successfully reveals the inherent statistical story embedded
within the raw data.

Conclusion and Key Takeaways

Mastering the process of binning is an indispensable skill for anyone engaged in serious data
analysis and visualization utilizing Matplotlib. By gaining proficiency in the three distinct methods--
specifying the total count, rigorously defining custom boundaries, and calculating boundaries
based on a fixed width--you acquire the necessary tools to precisely tailor visualizations to meet
specific analytical requirements.

Whether the task demands the speed of a rapid default calculation via an integer bin count, or the
mathematical rigor provided by NumPy's ar ange() function for setting a constant bin width,
Matplotlib furnishes the complete toolkit needed to construct informative and impactful histograms.
Ultimately, the objective extends beyond mere data display; it is about revealing the fundamental
structure and distribution of the data in the clearest, most compelling way possible.

Additional Resources

The following tutorials explain how to perform other common functions in Matplotlib and Python for
data analysis:
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