
PSYCHOLOGICAL STATISTICS statistics.arabpsychology.com

Creating Correlation Matrices in
SAS: A Step-by-Step Tutorial

Authored by

Mohammed looti

November 14, 2025

RECOMMENDED CITATION

Mohammed looti (2025). Creating Correlation Matrices in SAS: A Step-by-Step Tutorial.

PSYCHOLOGICAL STATISTICS. Retrieved from

https://statistics.arabpsychology.com/?p=1566

https://statistics.arabpsychology.com/?p=1566
https://statistics.arabpsychology.com/?p=1566
https://statistics.arabpsychology.com/?p=1566
https://statistics.arabpsychology.com
https://statistics.arabpsychology.com


Creating Correlation Matrices in SAS: A Step-by-Step Tutorial 2

PSYCHOLOGICAL STATISTICS statistics.arabpsychology.com

Introduction: Exploring Relationships with the Correlation Matrix

In the expansive domain of data analysis, one of the most fundamental requirements is the

rigorous examination of how different factors or variables interact. The correlation matrix is a

quintessential statistical tool designed to address this need, providing a highly organized and

concise summary of the linear interrelationships present within a given dataset. This square table

systematically quantifies the degree and direction of association between every possible pair of

variables, making it indispensable for initial data exploration (EDA).

A primary function of the correlation matrix is to provide an immediate, intuitive snapshot of data

structure. Each entry, or cell, within the matrix contains a correlation coefficient that measures the

strength and direction of the linear relationship between the row and column variables. By quickly

scanning these values, analysts can efficiently diagnose critical issues such as strong

dependencies, identify potential multicollinearity (where independent variables are highly

correlated), and locate redundant features. These insights are invaluable not only for preliminary

assessment but also for subsequent tasks like hypothesis testing and sophisticated feature

engineering in machine learning models.

For the vast majority of quantitative analyses involving continuous measurements, the Pearson

correlation coefficient stands as the standard measure, specifically capturing the magnitude of

linear association. However, real-world data is complex and not always linear. For scenarios

involving non-linear relationships or when dealing with ordinal data, analysts must turn to non-

parametric, rank-based alternatives, such as Spearman's Rho or Kendall's Tau. Regardless of the

chosen coefficient, the powerful PROC CORR procedure within the SAS environment is the

designated, highly flexible tool for generating these essential correlation matrices.

Mastering Correlation Analysis with the `PROC CORR` Statement

The `PROC CORR` statement is the definitive, high-performance procedure in SAS specifically

engineered for calculating and neatly presenting correlation matrices. Its fundamental design

prioritizes simplicity and efficiency, allowing users to rapidly generate comprehensive matrices for

variables contained within any specified SAS dataset. A crucial feature of this procedure is its

default behavior: when executed without any explicit variable selection, `PROC CORR`

automatically identifies and includes all numeric variables found within the input data file,

streamlining the initial exploratory phase.

To leverage this default functionality and generate a complete correlation matrix covering every

numeric field in a dataset named `my_data`, the necessary SAS syntax is highly compact. This

basic command provides a robust starting point for any analysis, ensuring all quantitative

relationships are immediately captured and summarized:
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/*create correlation matrix using all numeric variables in my_data*/

proc corr data=my_data;

run;

Upon execution, this simple block instructs SAS to process the data and output the full set of

Pearson correlation coefficients. The standard output generated by `PROC CORR` is typically

divided into two distinct, informative sections. The first section provides essential descriptive

statistics--including the mean, standard deviation, and count--for each variable, offering vital

context. This is followed immediately by the correlation matrix itself, which presents the core

results and facilitates a robust initial assessment of the pairwise correlation structure.

While analyzing all numeric variables is often beneficial, many analytical questions demand a more

focused approach, examining correlations only among a specific subset of variables. This targeted

analysis significantly enhances clarity and reduces output clutter, especially when dealing with

wide datasets containing hundreds of variables. The `VAR` statement provides the precise

mechanism needed to achieve this focus. By specifying a list of variable names within the `PROC

CORR` block, analysts can efficiently tailor the matrix output to include only the relationships

central to their current investigation, minimizing analytical complexity.

For example, if the research objective is strictly limited to understanding the correlations between

`var1`, `var2`, and `var3` in the `my_data` dataset, the streamlined SAS syntax below effectively

narrows the scope of the procedure. This demonstrates the power of the `VAR` statement in

ensuring the analysis remains highly relevant and efficient:

/*create correlation matrix using only var1, var2 and var3 in my_data*/

proc corr data=my_data;

var var1, var2, var3;

run;

This targeted command ensures that the resulting analysis is both efficient and laser-focused on

specific research questions. The `VAR` statement offers substantial flexibility, permitting the listing

of any number of numeric variables, separated by commas or spaces, thereby streamlining the

correlation process even within the largest and most unwieldy datasets.

Step-by-Step Example: Generating a Correlation Matrix in SAS

To firmly establish the practical execution of correlation analysis, we will now walk through a

concrete, illustrative example. This process begins with the creation of a sample dataset and

concludes with the application of `PROC CORR` to generate and subsequently interpret the

resulting matrix.
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Preparing Your Data in SAS

Our hypothetical scenario involves a small dataset tracking key statistics for basketball players.

The dataset includes one categorical variable ('team') and three continuous performance metrics:

assists, rebounds, and points. This structure provides ideal data for exploring the linear

relationships between the performance metrics.

/*create dataset*/

data my_data;

input team $ assists rebounds points;

datalines;

A 4 12 22

A 5 14 24

A 5 13 26

A 6 7 26

B 7 8 29

B 8 8 32

B 8 9 20

B 10 13 14

;

run;

/*view dataset*/

proc print data=my_data;

After successfully executing the data step, an essential best practice is to verify the integrity and

correct structure of the newly created dataset. The `PROC PRINT` command serves this

verification purpose, displaying the data exactly as SAS has stored it, ensuring accuracy before the

analytical phase can commence. The visual output shown below confirms that our sample data is

properly organized and prepared for correlation analysis.
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Generating the Full Correlation Matrix

We can now proceed to generate the comprehensive correlation matrix, leveraging the default

behavior of `PROC CORR`. As expected, the procedure automatically identifies 'assists',

'rebounds', and 'points' as numeric variables and proceeds to calculate all their pairwise

correlations.

/*create correlation matrix using all numeric variables in my_data*/

proc corr data=my_data;

run;

Once executed, SAS delivers a complete multi-part output. The initial section details the

descriptive statistics for each variable, offering critical context regarding their central tendency,

dispersion, and overall distribution. This section is then immediately followed by the correlation

matrix itself, which constitutes the primary analytical result.
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The matrix clearly presents the Pearson correlation coefficient (labeled 'r') for every combination.

Most importantly, alongside each coefficient, SAS diligently provides the associated p-values.

These p-values are absolutely vital for assessing the statistical significance of the observed

correlation, helping the analyst determine whether the relationship is likely genuine or simply the

result of random sampling fluctuation.

Interpreting Results: Magnitude and Statistical Significance

Effective interpretation of the correlation matrix demands that the analyst simultaneously consider

two critical metrics: the correlation coefficient (r) and its corresponding p-value. The correlation

coefficient is a standardized metric, constrained to range from -1.0 to +1.0, and provides

immediate insight into the nature of the linear association:

A coefficient approaching +1.0 indicates a powerful, direct (positive) linear relationship, meaning as

one variable increases, the other tends to increase proportionally.

A coefficient approaching -1.0 signifies a powerful, inverse (negative) linear relationship, meaning

as one variable increases, the other tends to decrease proportionally.

A coefficient near 0 suggests a very weak or virtually non-existent linear relationship between the

two variables.
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The p-value, however, serves a different, equally crucial role by addressing the reliability of the

observed correlation. It operates under the null hypothesis that the true population correlation is

zero. Analysts typically utilize a standard significance level, or alpha (α), of 0.05. If the calculated

p-value falls below this threshold (p < 0.05), the correlation is declared statistically significant. This

finding provides strong evidence to reject the null hypothesis, confidently suggesting that a true,

non-zero linear relationship exists within the broader population from which the sample data was

drawn.

Let's analyze the specific pairwise correlations derived from our small basketball statistics

example, emphasizing the joint interpretation of r and p-value:

Assists and Rebounds: The Pearson correlation coefficient (r) for this pair is -0.24486. This value

suggests a minor, weak negative tendency, indicating that players with more assists tend to have

slightly fewer rebounds, or vice versa. More critically, the associated p-value is calculated as

0.5589. Since 0.5589 is substantially greater than the conventional 0.05 threshold, this observed

correlation is definitively not statistically significant. Based on this evidence, we cannot

confidently conclude that a linear relationship between assists and rebounds exists in the larger

population of basketball players.

Assists and Points: The coefficient (r) connecting assists and points is -0.32957. This result

indicates a weak to moderate negative linear association. However, when we examine the

corresponding p-value of 0.4253, we observe that this value also significantly exceeds the 0.05

cutoff. Consequently, despite the negative trend observed in our sample, the correlation between

assists and points is not statistically significant, suggesting it may be merely a consequence of

random sampling variability.

Rebounds and Points: The analysis of rebounds and points yields a coefficient (r) of -0.52209.

This figure represents the strongest absolute correlation among the three pairs, suggesting a

moderate negative linear association. Nevertheless, the associated p-value stands at 0.1844.

Because this p-value remains above the 0.05 significance level, the correlation between rebounds

and points is also classified as not statistically significant.

In conclusion, while our limited sample dataset exhibited negative trends across all player metrics,

none of these observed relationships demonstrated sufficient statistical strength or consistency to

be formally deemed statistically significant at the standard 0.05 level. This example powerfully

underscores the critical necessity of assessing the p-value; relying solely on the magnitude of the

correlation coefficient (r) without checking significance is a foundational error in data analysis.

Focusing Analysis: The Power of the `VAR` Statement

As discussed earlier, the `VAR` statement provides analysts with surgical precision over which
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variables are included in the correlation calculation. This capability is absolutely indispensable

when working with large datasets that contain numerous numeric fields, where analysis must be

narrow and hyper-focused to address a specific hypothesis efficiently. Reverting to our basketball

data, let's execute a command to generate a correlation matrix specifically confined to examining

the relationship solely between 'assists' and 'rebounds'.

/*create correlation matrix using only assists and rebounds variables*/

proc corr data=my_data;

var assists rebounds;

run;

The execution of this streamlined code produces a targeted output that isolates the analysis to the

two specified variables, effectively ignoring 'points' and any other numeric fields that might exist in

the dataset. This focused approach is highly efficient and allows analysts to concentrate entirely on

the relationship of interest without the cognitive burden of irrelevant data points.

As clearly illustrated in the resulting output, the matrix focuses exclusively on the assists and

rebounds variables. It presents their individual descriptive statistics, the single pairwise Pearson

correlation coefficient, and the crucial corresponding p-value. This ability to conduct precise,

targeted analysis is a key feature for maintaining clarity and efficiency within complex analytical

environments using SAS.
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Advanced Considerations and Robust Best Practices

Although `PROC CORR` provides a robust framework, ensuring the validity of your correlation

analysis requires adherence to several advanced statistical practices and assumptions. A

cornerstone assumption underlying the Pearson correlation coefficient is that the relationship

between the variables must be linear. If the true underlying association is curved (non-linear) or

non-monotonic, Pearson's r will frequently and significantly underestimate the actual degree of

association, potentially leading to the false conclusion that no relationship exists. Therefore, a

critical first step is always to visualize your data, typically using scatter plots, to visually confirm

linearity before interpreting the coefficient.

When relationships are clearly non-linear, or when the data consists of ordinal data, the best

practice is to pivot to rank-based correlation coefficients such as Spearman's Rho or Kendall's Tau.

`PROC CORR` seamlessly supports these measures by allowing the inclusion of simple options

like `SPEARMAN` or `KENDALL` directly within the procedure statement. Furthermore, analysts

must remain vigilant concerning the impact of influential outliers, as extreme values can

disproportionately inflate or deflate Pearson's r, drastically skewing the perceived strength of the

correlation.

The effective management of missing data is another essential consideration. By default, `PROC

CORR` employs listwise deletion on a pairwise basis: if an observation is missing a value for either

variable in a specific pair, that observation is excluded from the calculation for only that pair. While

this is computationally convenient, substantial missingness can severely reduce the effective

sample size and introduce significant bias. To mitigate this risk, SAS offers options such as

`NOMISS` to enforce calculation only on observations with complete data, or alternatively, analysts

should consider sophisticated data imputation techniques prior to running the correlation

procedure.

Finally, the most paramount reminder in all correlation analysis is the principle that correlation

does not imply causation. The discovery of a powerful, highly statistically significant correlation

between two variables never grants permission to conclude that one variable causes the other.

The observed relationship could be entirely spurious, or it might be driven by an unobserved third

variable, which statisticians refer to as a confounder. All correlations must be interpreted with

extreme caution, always integrating deep domain knowledge and theoretical context into the final

assessment.

Conclusion

The correlation matrix remains a foundational element of statistical analysis, offering an essential

and clear summary of the pairwise relationships existing within any dataset. By successfully
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mastering the generation and rigorous interpretation of these matrices using SAS's `PROC CORR`

procedure, analysts unlock profound insights into data structure and the underlying behavior of

their variables.

We have successfully demonstrated the core syntax of `PROC CORR`, illustrating both the

analysis of all available numeric variables and the powerful technique of selectively focusing on

specific relationships using the `VAR` statement. The practical example provided critical lessons,

highlighting the absolute necessity of interpreting the Pearson correlation coefficient (r) in tandem

with its crucial p-value to correctly ascertain both the magnitude and the statistical reliability of

observed associations.

Always maintain awareness of the necessary statistical assumptions, carefully select the

appropriate correlation method tailored to your data type, and rigorously remember that correlation

does not imply causation. With these advanced considerations firmly integrated into your workflow,

`PROC CORR` transforms into an indispensable and powerful asset for initial data exploration,

identifying robust predictive relationships, and effectively guiding all subsequent statistical

modeling efforts within the SAS programming environment.

Additional Resources

To further enhance your proficiency in SAS and explore other essential analytical techniques, we

recommend reviewing the following tutorials. These resources provide comprehensive guidance for

various common data analysis tasks:

SAS Tutorial: Performing Regression Analysis

SAS Tutorial: Conducting ANOVA

SAS Tutorial: Data Manipulation Techniques
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