
PSYCHOLOGICAL STATISTICS statistics.arabpsychology.com

Chi-Square Test: Calculating
Critical Values in Python

Authored by

Mohammed looti

November 8, 2025

RECOMMENDED CITATION

Mohammed looti (2025). Chi-Square Test: Calculating Critical Values in Python.

PSYCHOLOGICAL STATISTICS. Retrieved from

https://statistics.arabpsychology.com/?p=12680

https://statistics.arabpsychology.com/?p=12680
https://statistics.arabpsychology.com/?p=12680
https://statistics.arabpsychology.com/?p=12680
https://statistics.arabpsychology.com
https://statistics.arabpsychology.com


Chi-Square Test: Calculating Critical Values in Python 2

PSYCHOLOGICAL STATISTICS statistics.arabpsychology.com

Understanding the Chi-Square Test and Critical Values

When performing a Chi-Square test, a fundamental statistical procedure often employed for the

rigorous analysis of categorical data, the initial result generated is the test statistic. This numerical

summary is designed to quantify the discrepancy observed between the dataset collected (the

observed data) and the pattern of data predicted under the assumption that the null hypothesis is

true. However, the raw magnitude of the test statistic is inherently meaningless until it is evaluated

within the specific theoretical distribution--the Chi-Square distribution--which is achieved by

comparing it against a corresponding critical value. This comparison is the cornerstone of modern

hypothesis testing, providing a structured mechanism for researchers to determine whether

observed effects are likely due to genuine relationships or merely random variation.

The calculated critical value serves as the definitive boundary or threshold. It precisely delineates

the acceptance region from the rejection region within the Chi-Square distribution curve. If the

computed Chi-Square test statistic surpasses this predefined critical threshold, it indicates that

the divergence between the observed frequencies and the expected frequencies is so substantial

that it is highly improbable under the assumption of the null hypothesis being correct. In such a

scenario, the result is deemed statistically significant, providing robust evidence that warrants the

rejection of the null hypothesis in favor of the alternative hypothesis.

Conversely, should the calculated test statistic fall below the established Chi-Square critical

value, the observed deviation is considered small enough to be plausible under the null

hypothesis. In this case, researchers conclude that there is insufficient evidence to reject the null

hypothesis at the chosen level of risk. This meticulous methodology ensures that conclusions

drawn from the data are reliable, justifiable, and quantified rigorously in terms of probability,

minimizing the risk of erroneous declarations of association or independence.

Prerequisites for Calculating the Chi-Square Critical Value

Calculating the precise Chi-Square critical value is a procedure that moves beyond simple data

observation; it requires the input of two distinct but equally essential statistical parameters. These

parameters mathematically define the shape of the Chi-Square distribution relevant to the specific

analysis being conducted and establish the criteria for the rejection region. Historically, these

values were tediously looked up in large, pre-calculated statistical tables. However, contemporary

statistical practice heavily favors computational tools, such as the powerful functions available in

Python's SciPy library, to ensure rapid, highly accurate, and reproducible results.

To successfully utilize computational methods for deriving the correct critical value, the analyst

must first accurately identify and define the two necessary input factors. The combination of these

two elements uniquely specifies the exact point on the theoretical distribution curve that will serve

as the decision threshold for the hypothesis test:
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Significance Level (Alpha, or $alpha$): Designated as $q$, this parameter represents the

probability threshold that defines the maximum acceptable risk of committing a Type I error--the

error of incorrectly rejecting a true null hypothesis. Standard choices for the significance level

include 0.05 (5%), 0.01 (1%), or 0.10 (10%). Given that the Chi-Square test is typically a one-tailed

test focused on deviations greater than expected, the entire alpha level is situated in the upper tail

of the distribution, representing the area of rejection.

Degrees of Freedom (df): This value is crucial as it dictates the specific shape of the theoretical

Chi-Square distribution curve. The number of degrees of freedom is fundamentally the count of

independent pieces of information used to estimate the test statistic. In the context of a Chi-Square

test of independence applied to an R rows by C columns contingency table, the degrees of

freedom are calculated using the formula: $df = (R - 1) times (C - 1)$. Accurate calculation of the

degrees of freedom is non-negotiable for obtaining the correct critical value.

The precise pairing of the chosen significance level (alpha) and the calculated degrees of freedom

is what ultimately determines the exact quantile on the Chi-Square distribution. This derived

quantile is the Chi-Square critical value--the precise point that separates results considered likely

under the null hypothesis from those considered sufficiently extreme to warrant statistical rejection.

Implementing the Calculation in Python using SciPy

The Python ecosystem provides highly efficient tools for statistical computation, most notably

through the SciPy library, and specifically its scipy.stats module. To calculate the Chi-Square

critical value programmatically, we leverage a function known as the Percent Point Function

(PPF), which is the inverse of the Cumulative Distribution Function (CDF). The PPF is essential in

this context because it performs the opposite of standard probability calculations: instead of

inputting a test statistic to find its probability, we input a cumulative probability and receive the

corresponding quantile (the critical value).

The specific function within SciPy designed for the Chi-Square distribution is

scipy.stats.chi2.ppf(). This function is adept at modeling the statistical properties of the

distribution, but requires careful input management. A frequent source of error for beginners is

confusing the required cumulative probability ($q$) with the significance level (alpha). Since the

PPF calculates the value corresponding to the area under the curve to the left, and the Chi-Square

test's rejection region is in the far right tail, we must calculate the cumulative area leading up to the

critical point.

The command structure required to retrieve the critical value is mathematically precise and relies

on the two prerequisites identified earlier. Understanding the mapping of the statistical concept to

the Python function argument is key to accurate results:

scipy.stats.chi2.ppf(q, df)
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The arguments are defined as follows:

q: This crucial value represents the cumulative probability. If $alpha$ is the significance level (the

area in the right tail), then $q$ is calculated as $q = 1 - alpha$. This ensures that the function

returns the value that marks the boundary between the $1 - alpha$ area of acceptance and the

$alpha$ area of rejection.

df: This is the calculated degrees of freedom specific to the hypothesis test being executed,

provided as an integer value.

By supplying these correct arguments, the chi2.ppf function effectively returns the Chi-Square

critical value--the precise quantile from the distribution curve--that is required for making a robust

decision about the null hypothesis. This computational efficiency replaces the need for traditional

table lookups entirely, enhancing both speed and precision in statistical analysis.

Detailed Example: Calculating the Value for Alpha = 0.05

To demonstrate the practical application of the scipy.stats.chi2.ppf() function, let us walk

through a common scenario in statistical inference. Imagine a study involving a Chi-Square test of

independence where the structure of the data and the contingency table necessitate 11 degrees of

freedom ($df = 11$). Furthermore, the researcher has established the standard significance level

($alpha$) at 0.05, meaning they are willing to accept a 5% chance of a Type I error. The immediate

goal is to determine the exact Chi-Square critical value that defines the rejection boundary.

Using these parameters, we must first correctly calculate the cumulative probability ($q$) required

by the PPF function. Since $q = 1 - alpha$, we calculate $q = 1 - 0.05 = 0.95$. This value of 0.95

represents the 95% cumulative area under the Chi-Square curve, starting from zero and extending

up to the critical boundary. This calculated $q$ value is the necessary input for the SciPy function

to accurately locate the 95th percentile of the distribution with 11 degrees of freedom.

The execution of the necessary commands within a standard Python environment is

straightforward, requiring only the import of the SciPy library and the direct call to the PPF function

with the computed parameters:

import scipy.stats

#find Chi-Square critical value

scipy.stats.chi2.ppf(1-.05, df=11)

19.67514

The resulting output, 19.67514, is the precise Chi-Square critical value for the given parameters.
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This number now operates as the definitive decision criterion. If the researcher's calculated test

statistic from the analysis of their actual data exceeds 19.67514, they have obtained sufficient

evidence to declare their findings statistically significant at the 0.05 level, leading to the rejection of

the null hypothesis. Conversely, if the test statistic is smaller, the observed differences are deemed

statistically insignificant at this level, and the null hypothesis is retained.

Impact of Significance Level (Alpha) on the Critical Value

The choice of the significance level ($alpha$) is a conscious decision reflecting the rigor and

required evidence in the study; it is not merely a conventional figure. A core principle of hypothesis

testing is the fundamental inverse relationship between the chosen alpha level and the magnitude

of the resulting Chi-Square critical value. Demanding a stricter standard--that is, lowering the

alpha value (e.g., transitioning from 0.05 to 0.01)--directly results in a smaller rejection region,

which necessitates pushing the critical threshold further out into the extreme tail of the distribution.

This adjustment means that a larger and more extreme test statistic is required to achieve

statistical significance when alpha is smaller. This mechanism is designed explicitly to minimize the

probability of a Type I error, ensuring that only exceptionally strong evidence leads to the rejection

of the null hypothesis. The practical consequence for the researcher is an increased burden of

proof: the observed data must show a much greater deviation from the null hypothesis expectation.

To empirically demonstrate this relationship, let us maintain the same 11 degrees of freedom ($df

= 11$) but reduce the significance level from 0.05 to 0.01. This reduction reflects a commitment to

accept only a 1% chance of incorrectly rejecting a true null hypothesis. The cumulative probability

($q$) must thus be recalculated as $1 - 0.01 = 0.99$. We anticipate that this increase in $q$ will

yield a substantially higher critical value, reflecting the tightened criterion for rejection:

scipy.stats.chi2.ppf(1-.01, df=11)

24.72497

The new critical value is determined to be 24.72497. When compared against the previous value of

19.67514 (for $alpha = 0.05$), the increase is significant. This highlights a critical point in

interpretation: a test statistic of 22, for instance, would have been highly significant at $alpha =

0.05$ (since $22 > 19.67514$), but it fails to meet the threshold for significance at $alpha = 0.01$

(since $22 < 24.72497$). This clear example illustrates the direct and profound influence that the

researcher's chosen alpha level has on the ultimate conclusion of the hypothesis test.

Exploring More Extreme Significance Levels

Further extending this analysis allows us to observe the effects of an even more stringent criterion,
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such as setting the significance level at $alpha = 0.005$ (0.5%). This extremely low alpha dictates

that only results falling into the outermost half-percent of the distribution are considered significant.

Such a strict standard is often adopted in high-stakes scientific or medical research fields where

the consequences of a Type I error--a false positive result--are severe or costly, demanding

overwhelming empirical evidence to justify rejecting the status quo (the null hypothesis).

For our consistent example of $df = 11$, setting $alpha = 0.005$ requires a cumulative probability

$q$ calculation of $1 - 0.005 = 0.995$. We once again employ the chi2.ppf function to identify the

precise critical threshold corresponding to this percentile:

scipy.stats.chi2.ppf(1-.005, df=11)

26.75685

The resulting critical value is 26.75685. This value is visibly higher than both 19.67514

($alpha=0.05$) and 24.72497 ($alpha=0.01$). This consistent, upward trend reinforces the critical

statistical principle: smaller values of alpha invariably necessitate larger Chi-Square critical

values. This demands increasingly stronger empirical evidence--represented by a higher

calculated test statistic--to satisfy the required level of statistical confidence necessary for the

rejection of the null hypothesis.

Summary and Further Resources

Achieving proficiency in calculating the Chi-Square critical value using Python's SciPy library is

an indispensable skill for conducting rigorous statistical analysis. This computational approach

offers a precise, highly efficient, and reliable alternative to traditional reliance on static statistical

tables, guaranteeing accuracy in determining the threshold for statistical significance. By correctly

establishing the cumulative probability ($q = 1 - alpha$) and the relevant degrees of freedom,

researchers can quickly obtain the exact critical value needed for sound decision-making within the

framework of hypothesis testing.

The use of the Percent Point Function (PPF) in the scipy.stats.chi2 module simplifies what was

once a complex manual process, allowing analysts to focus on interpreting the results rather than

struggling with statistical tables. This powerful function ensures that the critical value accurately

reflects both the distribution shape and the researcher's predefined risk tolerance.

For users seeking deeper technical insight into the function's behavior, exploring alternative

parameters, or integrating this calculation into broader statistical models, consulting the official

SciPy documentation is highly recommended. The documentation provides comprehensive details

regarding implementation nuances and advanced usage of the statistical modules.

Refer to the SciPy documentation for chi2.ppf() for the exact details of the chi2.ppf() function and
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its usage within broader statistical modeling contexts.
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