
PSYCHOLOGICAL STATISTICS statistics.arabpsychology.com

Learn Least Squares Regression
with NumPy: A Step-by-Step Guide

Authored by

Mohammed looti

October 28, 2025

RECOMMENDED CITATION

Mohammed looti (2025). Learn Least Squares Regression with NumPy: A Step-by-Step

Guide. PSYCHOLOGICAL STATISTICS. Retrieved from

https://statistics.arabpsychology.com/?p=4559

https://statistics.arabpsychology.com/?p=4559
https://statistics.arabpsychology.com/?p=4559
https://statistics.arabpsychology.com/?p=4559
https://statistics.arabpsychology.com
https://statistics.arabpsychology.com


Learn Least Squares Regression with NumPy: A Step-by-Step Guide 2

PSYCHOLOGICAL STATISTICS statistics.arabpsychology.com

The method of least squares is perhaps the most critical foundational technique in statistical

modeling and data analysis. It is universally employed to derive the optimal regression line that

best characterizes the relationship within a given dataset. Fundamentally, this methodology

operates by minimizing the total sum of the squared differences between the actual observed

values and the values predicted by the model, thereby ensuring the most accurate and statistically

sound curve fit possible.

To implement this powerful technique efficiently in a programming environment, we turn to NumPy,

Python's indispensable library for high-performance numerical computing. NumPy provides

specialized tools that allow for the rapid and precise execution of complex mathematical

operations, including the solution to linear systems. Specifically, the linalg.lstsq() function is the

robust engine used to perform the core least squares fitting process.

This comprehensive guide will walk through a detailed, practical example demonstrating the entire

workflow of utilizing the linalg.lstsq() function. We will cover everything from structuring raw

data inputs and understanding the underlying mathematical requirements to interpreting the

resulting regression coefficients and utilizing the final model for prediction.

Theoretical Foundations of Least Squares Fitting

At its core, least squares fitting is a sophisticated mathematical optimization technique. Its purpose

is to identify the line or curve--most often a straight line in the context of linear regression--that

minimizes the cumulative error across all observations. This error is quantified by measuring the

vertical distances (known as "residuals") from each data point to the proposed line, and then

squaring these distances before summing them up. By minimizing this sum of squared residuals,

we achieve the statistically "best fit."

In the context of statistical modeling, particularly linear regression, the least squares method is

essential for modeling the relationship between a dependent variable, conventionally denoted as Y,

and one or more independent variables, denoted as X. The primary goal is to estimate the

unknown parameters (the slope and intercept) that define the linear equation. When these

parameters are accurately estimated, the resulting model can reliably predict the outcome Y based

on the input X.

The widespread utility of the least squares approach spans numerous scientific, financial, and

engineering disciplines. Understanding the fundamental principles of minimizing squared errors is

not merely a technical detail; it is crucial for accurately interpreting the validity and implications of

any regression analysis. Mastery of this technique provides a solid analytical foundation,

positioning it as an indispensable skill for data scientists and quantitative analysts alike.
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The Power of NumPy's Linear Algebra Module

NumPy serves as the bedrock for all numerical and scientific computing operations within the

Python ecosystem. It facilitates the creation and manipulation of N-dimensional array objects and

provides an extensive suite of high-level mathematical functions optimized for speed and

performance. Crucially, its specialized linear algebra module, accessible via numpy.linalg, offers

highly optimized routines essential for matrix manipulation and solving linear systems.

Within this powerful module resides the linalg.lstsq() function, which is explicitly engineered to

solve the linear least squares problem efficiently. Mathematically, it calculates a vector x that

minimizes the Euclidean 2-norm of the residual vector, expressed as ||b - Ax||. In a regression

scenario, A represents the design matrix--which contains our independent variable data (X)

augmented by a column for the intercept--and b represents the dependent variable vector (Y).

The computational efficiency and numerical stability of linalg.lstsq() make it superior to

manual calculation methods, especially when dealing with large datasets or overdetermined

systems (where there are more equations/data points than unknown parameters). Leveraging this

function ensures that the resulting regression model is calculated robustly, adhering to best

practices in numerical computation.

Step 1: Preparing and Structuring the Input Data

The initial and perhaps most critical stage of any least squares analysis is ensuring the data is

correctly structured. For linear regression, we must clearly define our independent variable (X) and

dependent variable (Y) and transform them into suitable NumPy arrays. These arrays serve as the

fundamental input structures for the subsequent regression modeling process executed by the

linalg.lstsq() function.

We begin by importing the NumPy library and defining our sample dataset. Below, we create two

distinct arrays, x and y. The x array contains the values of our predictor variable, while the y array

stores the corresponding observed outcomes that we aim to model and predict. This sample set

includes ten paired observations, providing a small but representative dataset for demonstrating

the fitting procedure.

Execute the following code snippet to define the necessary arrays and import the required library:

import numpy as np

# Define the independent variable (x) and dependent variable (y) arrays

x = np.array()

y = np.array()
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These well-structured arrays, containing our sample data points, are now prepared for

transformation into the specific matrix format required by the regression solver. The next step

involves constructing the design matrix, which is necessary before invoking the least squares

computation.

Step 2: Executing the Least Squares Calculation

Once the input data is defined, we proceed to the core operation: calculating the least squares

solution using linalg.lstsq(). This function solves the system of equations to determine the

optimal regression coefficients that minimize the error, thereby defining the line of best fit for our X

and Y values.

The critical manipulation occurs when we construct the input matrix for the function. For simple

linear regression (Y = mx + c), we need two components: the X values (for the slope, m) and a

column of ones (for the intercept, c). The NumPy expression np.vstack().T performs this matrix

construction: np.ones(len(x)) creates the necessary column of ones, np.vstack stacks this

column with the x data, and the .T transposes the resultant structure into the correct vertical

orientation.

The calculation is performed as follows:

# Perform least squares fitting and retrieve the coefficients

coefficients = np.linalg.lstsq(np.vstack().T, y, rcond=None)

# Output of the coefficients array

print(coefficients)

array()

The function returns a tuple of four elements, but we isolate the first element (indexed by ), which

contains the calculated regression coefficients. The use of rcond=None ensures the algorithm uses

standard machine precision for handling singular values, maintaining compatibility and numerical

robustness across different NumPy versions. The resulting array provides the derived parameters

for our regression line.

From the computed output array, we successfully extract the two defining parameters of our fitted

model:

The first value represents the slope (m): 0.96938776 (approximately 0.969)

The second value represents the intercept (c): 7.76734694 (approximately 7.767)

These precise values allow us to define the definitive mathematical expression for the estimated
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line of best fit:

? = 7.7673 + 0.9694x

Step 3: Interpreting the Regression Coefficients

The true value of performing least squares regression lies in interpreting the calculated

coefficients. These parameters translate abstract mathematical results into concrete, actionable

insights regarding the causal relationship between the independent (X) and dependent (Y)

variables. A proper understanding of the slope and intercept is essential for leveraging the model's

predictive power.

We can now decipher the meaning of the two primary components of our derived model (? = 7.767

+ 0.969x):

Intercept (7.767): This value indicates that when the independent variable x is equal to 0, the

predicted average value for the dependent variable y is 7.767. This represents the baseline level of

Y in the absence of any influence from X.

Slope (0.969): This coefficient quantifies the marginal effect of X on Y. Specifically, for every one-

unit increase in the independent variable x, the dependent variable y is expected to increase by an

average of 0.969 units. This positive slope suggests a direct, positive correlation between X and Y.

To illustrate the predictive power of our model, consider an example: if x has a value of 10, we can

predict the corresponding value of y by substituting x=10 into our regression equation:

? = 7.767 + 0.969x (The Fitted Model)

? = 7.767 + 0.969(10) (Substitution)

? = 7.767 + 9.69 (Calculation Step 1)

? = 17.457 (Final Prediction)

Thus, our model predicts that when x is 10, the value of y would be approximately 17.457. This

demonstrates how the linalg.lstsq() method, facilitated by NumPy, enables us to make

quantitative predictions based on observed data trends.

Further Exploration and Learning Resources

Successfully implementing least squares fitting using NumPy is a critical step in mastering data

analysis in Python. To solidify your understanding of both the statistical methodology and its

efficient computation, continuous learning and resource exploration are highly recommended. A

visual representation can often clarify the nuances of minimizing the squared error terms far more

effectively than text alone.
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For those seeking a more intuitive, non-mathematical explanation of the underlying statistical

concepts, we recommend reviewing the linked video resources below, which visually articulate the

process of how the least squares algorithm achieves the optimal fit for a set of data points:

Additionally, developing deeper expertise in NumPy's capabilities will unlock greater efficiency

across all your scientific computing and data manipulation tasks in Python. The following list

suggests related topics and tutorials focused on expanding your mastery beyond basic array

handling:

Advanced array broadcasting techniques in NumPy.

Solving systems of linear equations using numpy.linalg.solve.

Understanding matrix decomposition (e.g., SVD) methods supported by the linear algebra module.

Using masking and fancy indexing for complex data selection.
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