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Learning to Visualize Chi-Square Distributions with Python

The Importance of Visualizing the Chi-Square Distribution

The ability to visualize complex statistical distributions is fundamental to modern data analysis and
inference. The Chi-Square distribution, often denoted as $chi"2$, is one such critical tool. It plays a

pivotal role in various statistical tests, most notably in determining the goodness of fit of observed
data to theoretical distributions, testing the independence of categorical variables, and constructing
confidence intervals for population variance. Understanding its shape and how it changes based
on its parameters is essential for accurately interpreting statistical results.

Unlike the symmetric Normal distribution, the Chi-Square distribution is inherently asymmetrical

and positively skewed, particularly when the number of degrees of freedom is small. As the

degrees of freedom increase, the distribution gradually becomes more symmetrical, eventually

approximating a Normal distribution. Plotting this curve using Python's robust scientific libraries--
specifically NumPy, Matplotlib, and SciPy--allows us to clearly observe this relationship and gain

intuitive insight into the distribution's behavior.

To plot a Chi-Square distribution in Python, we leverage the power of these libraries to define the

range of values for the x-axis and calculate the Probability Density Function (PDF) for each point.
The resulting curve visually represents the probability density associated with each possible value
of the test statistic, given a specific number of degrees of freedom. The following sections will

guide you through the precise Python syntax required to generate these plots, starting with the
core commands.

Core Syntax for Generating the Chi-Square Curve

The foundational process for plotting any continuous probability distribution in Python involves two
primary steps: first, generating a continuous array of points for the horizontal axis (x-axis), and
second, calculating the corresponding probability densities for those points using the relevant
statistical function. For the Chi-Square distribution, we rely on NumPy for array generation and the
“chi2” module from SciPy.stats to handle the statistical calculations.

The syntax below demonstrates the most concise way to define the plotting range and generate
the distribution curve. We specify a range from 0 to 20, which is typically sufficient to capture the
non-zero portion of the Chi-Square distribution for common degrees of freedom counts. The small

step size (0.001) ensures the curve is smooth and accurately represents the continuous nature of
the distribution.

#x-axis ranges from 0 to 20 with .001 steps
X = np.arange(0, 20, 0.001)

#plot Chi-square distribution with 4 degrees of freedom
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plt.plot(x, chi2.pdf(x, df=4))

In this fundamental code snippet, the array named x is created using NumPy's ar ange() function,
which defines the range for the x-axis. Subsequently, the plt. pl ot () function from Matplotlib
produces the curve. Crucially, chi 2. pdf (x, df =4) calculates the probability density for every
value in the x array, using 4 as the specified number of degrees of freedom. This output is then

passed as the y-values to the plotting function, successfully mapping the theoretical distribution
onto a visual graph. The following examples will show how to integrate these core functions into
complete, executable Python scripts.

Example 1: Plotting a Single Chi-Square Distribution

When plotting a single instance of the Chi-Square distribution, our primary goal is to visualize the

shape defined by a fixed number of degrees of freedom. This example provides the complete,

minimal code required, including necessary imports for NumPy (for numerical operations),
Matplotlib (for plotting), and SciPy.stats (for the distribution function itself).

We begin by importing the required modules and initializing the x-axis range. The range is set from
0 to 20 with high resolution to ensure a smooth curve. Then, we call pl t. pl ot (), passing the x-
axis values and the calculated PDF values for a distribution with four degrees of freedom. This

approach is highly efficient and standard practice within the Python scientific computing
ecosystem.

import numpy as np
import matplotlib.pyplot as plt
from scipy.stats import chi2

#x-axis ranges from 0 to 20 with .001 steps
X = np.arange(0, 20, 0.001)

#plot Chi-square distribution with 4 degrees of freedom
plt.plot(x, chi2.pdf(x, df=4))

Executing the code above generates a standard visualization of the Chi-Square distribution curve.

Notice how the distribution starts at zero and is right-skewed, characteristic of low degrees of
freedom. The resulting image clearly displays the density function across the defined range,
providing a visual confirmation of the theoretical shape.
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Customizing the Visual Aesthetics of the Plot

While the default plot generated by Matplotlib is functional, customizing the aesthetics is often
necessary to improve clarity, highlight specific features, or adhere to publication standards. The
pl t. pl ot () function accepts several optional arguments that control the visual appearance of the
line, including its color, thickness, and style. Modifying these parameters makes the graph more
visually appealing and easier to interpret, especially when distinguishing between multiple
distributions.

For instance, we can easily change the color of the curve using the col or parameter and adjust
the thickness of the line using the | i newi dt h parameter. Assigning a specific color, such as 'red’,
immediately draws the viewer's attention. Increasing the | i newi dt h makes the curve more
pronounced against the background of the chart. These small adjustments are crucial steps in
transforming raw data visualization into professional-grade graphics.

The following code snippet demonstrates how to modify the line color to red and set the thickness
to 3 units. These parameters are simply appended to the existing pl t . pl ot () function call, making
the customization process straightforward and highly flexible.

plt.plot(x, chi2.pdf(x, df=4), color="red’, linewidth=3)

As depicted in the resulting image below, the visual impact of these customizations is significant.
The curve is now bold and clearly defined, demonstrating the ease with which Matplotlib allows
users to fine-tune the graphical output to meet specific presentation needs.
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Example 2: Plotting Multiple Chi-Square Distributions

One of the most valuable exercises in statistics is comparing how different parameters affect a
distribution's shape. For the Chi-Square distribution, this means observing the curve as the

degrees of freedom (df) increase. As df increases, the peak of the distribution shifts to the right,

and the overall skewness decreases, illustrating the distribution's convergence toward the Normal
distribution. Plotting multiple Chi-Square curves simultaneously allows for a direct visual
comparison of these changes.

To plot multiple distributions, we simply call the pl t . pl ot () function once for each distribution we
wish to include on the same axes. Each call must specify a different value for the df parameter
within the chi 2. pdf () function. Furthermore, to ensure distinguishability, it is essential to include a
| abel argument in each plot call. This label is critical for generating a descriptive legend later on,
enabling viewers to correctly identify which curve corresponds to which set of parameters.

The following code defines three different Chi-Square distributions with 4, 8, and 12 degrees of
freedom, respectively. Note the addition of pl t. | egend() at the end, which automatically displays
the labels assigned to each curve.

import numpy as np
import matplotlib.pyplot as plt
from scipy.stats import chi2

#x-axis ranges from 0 to 20 with .001 steps
X = np.arange(0, 20, 0.001)

#define multiple Chi-square distributions
plt.plot(x, chi2.pdf(x, df=4), label="df: 4")
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plt.plot(x, chi2.pdf(x, df=8), label="df: 8")
plt.plot(x, chi2.pdf(x, df=12), label="df: 12"

#add legend to plot
plt.legend()

The resulting visualization effectively contrasts the three distributions. Observing the plot, it
becomes immediately apparent that as the degrees of freedom increase, the curve flattens, the

peak moves right, and the tail becomes less heavy. This side-by-side comparison is a powerful
way to illustrate the statistical theory in practice.
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Refining Multi-Plot Visualization with Metadata

To produce a visualization suitable for reports or publications, it is essential to include
comprehensive metadata such as a title, axis labels, and a descriptive legend. Without these
elements, the chart lacks context and is difficult for an external audience to understand. Matplotlib
provides dedicated functions--plt.title(), plt.xl abel (), and plt.yl abel ()--to easily add
these crucial components.

In addition to adding standard labels, we can further enhance the plot by customizing the colors of
the individual lines and improving the legend. By explicitly defining colors for each distribution, we
ensure maximum contrast and visual appeal. Furthermore, we can utilize the titl e argument
within the pl t. | egend() function to add a header to the legend box, clearly indicating that the
labels refer to the distribution parameters.

The comprehensive code block below integrates all previous steps--array generation, PDF
calculation, multiple plotting, color customization--with the final steps of adding descriptive
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metadata. This results in a fully professional and self-explanatory visualization of the Chi-Square
distributions.

import numpy as np
import matplotlib.pyplot as plt
from scipy.stats import chi2

#x-axis ranges from 0 to 20 with .001 steps
X = np.arange(0, 20, 0.001)

#define multiple Chi-square distributions

plt.plot(x, chi2.pdf(x, df=4), label="df: 4', color="gold")
plt.plot(x, chi2.pdf(x, df=8), label="df: 8, color="red")
plt.plot(x, chi2.pdf(x, df=12), label="df: 12', color="pink")

#add legend to plot
plt.legend(title="Parameters")

#add axes labels and a title
plt.ylabel('Density")

plt.xlabel('x")

plt.titte('Chi-Square Distributions', fontsize=14)

The final output is a clear, professionally rendered chart that effectively communicates the

characteristics of the Chi-Square distribution across varying parameters. This demonstrates the full
capability of combining NumPy, SciPy, and Matplotlib for statistical visualization in Python.
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Refer to the Matplotlib documentation for an in-depth explanation of the plt.plot() function and its

extensive range of customization options.
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