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Learning PySpark: Sorting Pivot Table Results by Column Values

In modern data science, the ability to transform massive raw datasets into digestible summaries is
paramount. This transformation is commonly achieved using pivot tables, which aggregate data
based on specific grouping criteria. However, aggregation is only the first step. For these
summarized results to be truly useful, they must be logically organized. Within the high-
performance distributed computing framework of PySpark, mastering the technique of sorting the
resulting rows of a pivot table by their calculated column values is an essential skill for any analyst.
This fundamental operation enables quick identification of trends, ranking, and standardized
numerical presentation.

The key mechanism for achieving efficient row sorting within a pivoted DataFrame (DF) relies on
the powerful, built-in or der By function. This function is designed to manipulate the structural
sequence of Spark DataFrames while adhering to the core principles of distributed processing.
Crucially, or der By ensures that the sorting operation scales seamlessly, maintaining the high-
performance expectations that define the PySpark ecosystem.

The Foundational Syntax for PySpark Sorting

The syntax required to sort a pivoted DataFrame is refreshingly straightforward. It depends entirely
on applying the or der By method directly to the resulting table object. By default, when only the
column name is specified, or der By performs a sort in ascending order, moving from the smallest

numerical value to the largest, unless explicitly modified with an additional parameter.

df_pivot.orderBy('my_column').show()

This snippet demonstrates how to sequence the rows in the pivot table, referenced here as
df_pivot, based solely on the numerical contents of the column labeled my_column. It is
absolutely critical that my_column exists as one of the resulting column headers in the pivoted
output. These column names are typically derived from the unique values of the column used
during the actual pivot operation. If there is a mismatch--such as a typo in the column name or if
the column does not exist in the DataFrame's schema--PySpark will immediately halt execution
and raise a runtime error.

While the code appears concise, the execution of the order By function is computationally
significant, especially when operating on petabyte-scale datasets. Sorting requires a global
operation across the entire Spark cluster. This process necessitates a costly operation known as a
global shuffle, where data must be exchanged among nodes to ensure that the final sorted order is
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correct across all partitions. Understanding this operational context is fundamental for optimizing
and designing high-performance Spark applications.

Step-by-Step Example: Preparing the Data

To practically demonstrate how to sort aggregated data, let us first construct a representative
sample DataFrame. Imagine we are tasked with tracking basketball team performance, specifically
focusing on the points scored by players categorized by their team and position. This raw,
transaction-level data must be aggregated to show the total points contributed by each position
(‘Guard' vs. 'Forward") within every team, setting up the perfect use case for a pivot table operation.

Before we define the actual data structure, the prerequisite step in any Spark application is the
initialization of the SparkSession. This session serves as the entry point for all Spark functionality,
managing the underlying distributed computation environment. Once the session is active, we can
define our sample data, which contains three key columns: the team identifier, the player's
position, and the associated points scored.

from pyspark.sqgl import SparkSession
spark = SparkSession.builder.getOrCreate()

#define data
data =,

#define column names
columns =

#create dataframe using data and column names
df = spark.createDataFrame(data, columns)

#view dataframe
df.show()
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F S S E— +
[team|position|points|
S R — +

| Al Guard| 14|

| Al Guard| 4|

| Al Forward| 16|

| A| Forward| 18|

| B| Guard| 9|

| B| Forward| 5|

| B| Forward| 25|

| C| Forward| 12|

| C| Guard| 14|

| C| Guard]| 23]

B S — +

Generating the Pivot Table for Aggregated Analysis

The logical progression from raw data involves transforming this detailed, event-level data into a
concise summarized report. We achieve this critical transformation using a sequence of gr oupBy
and pi vot operations. In this specific scenario, we define the team column as the grouping
identifier, ensuring that each resulting row represents a unique team's statistics. The position
column is leveraged to dynamically create new columns (‘Guard' and 'Forward’), and finally, the
aggregate function sum calculates the total points scored, populating the cells of the new pivot
table.

This pivoting process fundamentally reshapes the schema of the source DataFrame. Instead of the
long format typical of transactional records, we now have a wide format where each team's row
contains aggregated totals corresponding to every unique positional value present in the original
dataset. The resulting structure, designated as df_pivot, is the object we must now organize using
sorting techniques.

#create pivot table that shows sum of points by team and position
df _pivot = df.groupBy(‘'team').pivot(‘position').sum(‘points’)

#view pivot table
df_pivot.show()

ST O
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[team|Forward|Guard|

S S S—
| B| 30| 9|

| C| 12| 37|

| Al 34| 18|

O S —

The output above clearly shows that the pivot table successfully summarizes the total points
contributed by 'Forward' and 'Guard' players for each team (A, B, and C). Notice a critical detail:
the initial row sequence (B, C, A) appears random. This sequence is determined by the internal,
non-deterministic mechanisms of the Spark aggregation process, which offers no guarantee of
order. Consequently, to present this data meaningfully for reporting or review, explicit sorting is
required.

Sorting the Pivot Table in Ascending Order

A frequent requirement in analytical reporting is the ability to rank entities based on specific
performance metrics, often from lowest to highest. For instance, we may wish to identify the team
with the lowest total point contribution from its 'Forward' players. To achieve this minimum-to-
maximum ranking, we apply the or der By function to the df_pivot DataFrame, designating the
'Forward' column as the primary sorting criterion. By omitting the optional ascendi ng argument,
PySpark automatically defaults to ascending order.

The subsequent code execution performs the necessary distributed sort, meticulously rearranging
the rows so that the teams contributing the fewest 'Forward' points are positioned at the top of the
table, progressing systematically toward the teams with the highest totals at the bottom.

#sort rows of pivot table by values in '‘Forward' column in ascending order
df_pivot.orderBy('Forward').show()

S S— S — +

[team|Forward|Guard|

O S —
| C| 12| 37|

| B| 30| 9|

| Al 34| 18|
S S
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Reviewing the resulting DataFrame confirms that the rows are now logically sequenced based on
the values in the Forward column (12, 30, 34). This transformation is invaluable for reporting, as it
immediately highlights the lowest performers (Team C in this specific case). It is important to
remember that or der By is built to handle various data types, including appropriate placement of
null values, although this example focuses purely on integer data.

Implementing Descending Order Sorting for Highlighting Extremes

In contrast to identifying minimum values, data analysis often requires identifying top performers or
outliers--the teams demonstrating the maximum contribution for a given metric. To achieve this

maximum-to-minimum ranking, we must sort the data in descending order. This requires a small
but critical modification to the or der By syntax: introducing the optional parameter ascendi ng and
explicitly setting its value to Fal se. This instruction compels Spark to arrange the data starting with
the largest value and concluding with the smallest.

Setting ascendi ng=Fal se is standard practice in developing leaderboards or identifying high-
impact areas in analytics. To determine which team's Forwards scored the most points, we apply
the following syntax to our pivoted DataFrame:

#sort rows of pivot table by values in 'Forward' column in descending order
df_pivot.orderBy('‘Forward', ascending=False).show()

S SO

[team|Forward|Guard|

ST R
| A] 34| 18|

| B| 30| 9|

| C| 12| 37|

S SO

Following the execution of this command, the rows in the DataFrame are correctly sequenced in
descending order based on the values in the Forward column (34, 30, 12). Team A is now
prominently featured at the top, signifying the highest cumulative contribution from its Forward
players. This demonstrates the inherent flexibility of the or der By function, allowing analysts to
dynamically shift reporting focus between optimal and minimal performance metrics with a single
parameter change.
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Advanced Considerations and Resources

It is essential to reiterate the efficiency of the syntax used for single-column sorting: or der By
accepts the column name as a simple string argument. While this string method is the most
readable and efficient approach for straightforward sorting on a single pivot column, more
elaborate sorting requirements exist. These might include sorting by multiple columns
simultaneously (e.g., sorting by 'Forward' descending, then by 'Guard' ascending), or applying
complex expressions. In such advanced scenarios, developers often rely on the col () function or
specific expressions within the or der By method to manage the complexity.

The official documentation for the PySpark orderBy function provides comprehensive details on

these advanced features, including precise instructions for sorting by multiple columns and
managing various complex data types effectively within the distributed environment.

Mastering large-scale data processing with Apache Spark requires proficiency in a wide array of
data manipulation techniques that extend beyond simple row sorting. To build a robust and
comprehensive data preparation and analysis workflow, consider exploring the following related
tutorials:

A guide on performing advanced data aggregation and ranking efficiently using powerful window
functions in Spark SQL.

Tutorials detailing best practices for joining multiple DataFrames based on various key conditions
and join types.

An explanation of effective filtering and selection techniques necessary to isolate specific subsets
of data prior to complex operations like pivoting or aggregation.

PSYCHOLOGICAL STATISTICS statistics.arabpsychology.com



https://spark.apache.org/docs/latest/api/python/reference/pyspark.sql/api/pyspark.sql.DataFrame.orderBy.html
https://spark.apache.org/docs/latest/api/python/reference/pyspark.sql/api/pyspark.sql.DataFrame.orderBy.html
https://spark.apache.org/docs/latest/api/python/reference/pyspark.sql/api/pyspark.sql.DataFrame.orderBy.html
https://en.wikipedia.org/wiki/Apache_Spark
https://en.wikipedia.org/wiki/Window_function
https://en.wikipedia.org/wiki/Window_function
https://statistics.arabpsychology.com/?p=16694
https://statistics.arabpsychology.com
https://statistics.arabpsychology.com

