Read CSV File into PySpark
DataFrame (3 Examples)

Authored by
Mohammed looti

November 11, 2025

Mohammed looti (2025). Read CSV File into PySpark DataFrame (3 Examples).
PSYCHOLOGICAL STATISTICS. Retrieved from
https://statistics.arabpsychology.com/?p=16508

PSYCHOLOGICAL STATISTICS statistics.arabpsychology.com



https://statistics.arabpsychology.com/?p=16508
https://statistics.arabpsychology.com/?p=16508
https://statistics.arabpsychology.com/?p=16508
https://statistics.arabpsychology.com
https://statistics.arabpsychology.com

Read CSV File into PySpark DataFrame (3 Examples)

Introduction to Data Ingestion with PySpark

The ability to efficiently ingest and process data is fundamental to any big data workflow. In the
realm of large-scale data processing, the PySpark DataFrame stands as a cornerstone structure

for manipulating structured data. A common starting point for many analytical tasks involves
reading data stored in the widely accessible CSV File format. PySpark provides a robust and
highly configurable function specifically for this purpose: spark.read.csv(). Understanding how to
correctly utilize this function is crucial for ensuring data integrity and performance when initiating
your analysis pipeline in a distributed environment. This article delves into the core methods for
loading comma-separated values (CSV) files, providing three distinct practical examples to cover
the most frequent scenarios encountered by data engineers and scientists.

The process of reading a CSV involves more than just pointing to a file path. It requires careful
consideration of metadata, such as whether the file contains a header row, or if it utilizes a non-
standard delimiter. Ignoring these critical settings can lead to corrupted schemas, incorrect
column names, and subsequent errors during transformation stages, wasting valuable computation
resources. Therefore, we will explore the three primary configurations that grant you full control
over the ingestion process, ensuring that the raw data is correctly translated into a structured and
usable PySpark DataFrame, ready for scalable processing across your cluster.

Three Essential Methods for CSV Ingestion

While the basic command for CSV ingestion is straightforward, adding specific options allows
PySpark to handle the nuances of real-world data files. These options dictate how PySpark
interprets the file structure, ensuring that the resulting DataFrame accurately reflects the source
data's organization. Before running any read operations, it is standard practice to set up the
execution context by initializing a SparkSession, which acts as the unified entry point to

programming Spark with the Dataset and DataFrame API. Once the session is active, the r ead
accessor provides methods for various file formats, with csv() being our primary focus here.

The three methods below represent the foundational approaches to reading CSV files effectively.
Each method builds upon the last, adding necessary parameters to address typical data format
variations, from simple files without headers to complex files using custom separators. These short
code snippets illustrate the precise syntax difference for each scenario before we dive into
detailed, executable examples that demonstrate the resulting structure and schema changes
associated with each method. Proper configuration at this initial stage saves immense time
downstream during data cleaning and validation processes, preventing common parsing issues.

Method 1: Basic Read (Default Behavior)
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This is the simplest form, where PySpark assumes no header row exists and uses commas as the
default separator. The resulting columns will be generically named _c0, _c1, etc.

df = spark.read.csv(‘'data.csv’)

Method 2: Reading with Header Specified

By setting header =Tr ue, PySpark instructs the system to promote the first row of the CSV file to
become the column names of the resulting DataFrame, thereby skipping that row as actual data.

df = spark.read.csv(‘'data.csv’, header=True)

Method 3: Reading with Specific Delimiter

When files use separators other than the standard comma (e.g., semicolon or pipe), the sep
argument is essential for correctly parsing the fields. This is typically combined with the header
option for clarity.

df = spark.read.csv(‘data.csv', header=True, sep=";")

These methods provide the flexibility needed to handle diverse datasets originating from various
systems or regional standards. We will now proceed to demonstrate how these commands impact
the resulting structure of the PySpark data object, using a standardized sample file for consistency
across all examples. Pay close attention to how the column names and the inclusion of the header
row change based on the parameters used in the read operation.

Example 1. Basic CSV Ingestion (Default Behavior)

In the first scenario, we illustrate the simplest case of reading a CSV File without providing any
special configuration parameters. This method relies entirely on PySpark's default parsing
assumptions--namely, that the file uses commas as separators and contains no descriptive header
row. Suppose we have a file named dat a. csv containing hypothetical team performance metrics,
where the first row acts as the actual header, though we choose to ignore this fact initially to
demonstrate the default operational mode.

The contents of our example file, dat a. csv, are structured using standard comma separators:

team, points, assists
'‘A', 78, 12
'B', 85, 20
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'C', 93, 23
‘D', 90, 8
'E', 91, 14

To read this file using the default settings, we initiate our PySpark environment and invoke
spar k. read. csv() solely with the file path. Crucially, by omitting the header argument, PySpark
treats every single line, including the descriptive column names, as data records. This results in
generic column names being automatically assigned by the framework, starting from _c0, _c1, and
so on, which are derived from the column index.

from pyspark.sql import SparkSession
spark = SparkSession.builder.getOrCreate()

#read CSV into PySpark DataFrame
df = spark.read.csv('data.csv')

#view resulting DataFrame

df.show()

B S S +
| _c0|] _cl] _c2]
S N +

[team| points| assists|
| 'A'| 78] 12]

| 'B'| 85| 20|

| 'C'| 93] 23|

|'D'190] 8|

| 'E'] 91] 14|

B S S +

As clearly observed in the output, the first row (containing 'team’, 'points’, and 'assists’) is included
as the first data record in the DataFrame, rather than being used for schema definition.
Furthermore, PySpark assigns default, index-based column identifiers: _c0, c1, and _c2. This
default behavior is important to recognize, as it often necessitates an additional step of manually
renaming or dropping the header row if the file truly contained descriptive names that were
intended to be used as columns. For production environments where clarity and automation are
prioritized, explicitly defining the header option is typically the superior choice.
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Example 2: Utilizing the Header Option for Clarity

When dealing with professional or well-structured datasets, the first row of the data file almost
always contains meaningful labels that should be used as column names. To leverage this
information directly during ingestion, we utilize the header =True option within the
spar k. read. csv() function. This critical parameter instructs the PySpark parser to treat the very
first row of the input file uniquely--it consumes the row to define the schema labels but deliberately
excludes it from the actual data records that constitute the body of the DataFrame.

Using the same dat a. csv file as before, which uses standard comma separators:

team, points, assists
‘A", 78, 12

'B', 85, 20

'C', 93, 23

'D', 90, 8

'E', 91, 14

By adding header =Tr ue to the read command, we ensure that the column names are descriptive
and accurate from the moment the DataFrame is created. This practice significantly improves code
readability, maintainability, and the overall quality of the analysis, as analysts can refer to columns
by their intended names (e.g., df . poi nt s) instead of relying on generic, meaningless identifiers
(like df . _c1). This specific setting is considered a foundational best practice whenever the input
data inherently includes header information intended for schema labeling.

from pyspark.sgl import SparkSession
spark = SparkSession.builder.getOrCreate()

#read CSV into PySpark DataFrame
df = spark.read.csv('data.csv', header=True)

#view resulting DataFrame
df.show()

B S S S +
[team| points| assists|
E S S R +

| 'A'| 78] 12|

| 'B'| 85| 20|

| 'C'| 93] 23|

|'D'190] 8]
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| 'E'| 91| 14|
S — S — +

The result clearly demonstrates the intended effect of specifying header =Tr ue. The column names
are now t eam poi nts, and assi sts, having been derived directly from the first row of the file.
Importantly, that first row is no longer present as a data record within the PySpark DataFrame.

This clean ingestion process is foundational for subsequent ETL (Extract, Transform, Load)
operations, as it establishes a reliable structure early on, reducing the need for costly renaming
operations later in the pipeline.

Example 3: Handling Non-Standard Delimiters

While the acronym CSV strictly stands for Comma-Separated Values, it is incredibly common for
data providers, particularly those operating in different regional settings or generating files from
legacy systems, to use alternative characters to separate fields. Characters like semicolons (; ),
pipes (| ), or tabs are frequently used as field delimiters. When PySpark encounters such a file
and attempts to read it using the default comma setting, the resulting DataFrame often appears
incorrectly structured, usually manifesting as a single column containing the entire line of text,
rendering the data unusable for structured analysis.

Consider a modified version of our sample file where the fields are separated by semicolons
instead of commas:

team; points; assists
'‘A"; 78; 12

'‘B"; 85; 20

'C"; 93; 23

'D"; 90; 8

'E'; 91; 14

To correctly parse this file, we must introduce the sep argument (short for separator) into the
spark. read. csv() function. We specify the exact character used for separation--in this case, the
semicolon (;). It is also highly recommended to combine this with header =Tr ue to ensure both
correct field separation and accurate column labeling, leading to a perfectly structured PySpark
DataFrame immediately upon ingestion.

from pyspark.sqgl import SparkSession
spark = SparkSession.builder.getOrCreate()

#read CSV into PySpark DataFrame
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df = spark.read.csv('data.csv', header=True, sep=";

#view resulting DataFrame
df.show()

S S E +
[team| points| assists|
B T S S +

| 'A'| 78| 12|

| 'B'| 85| 20|

| 'C'| 93] 23|

|'D'190] 8]

| 'E'] 91] 14|

S — S — +

By correctly setting the sep argument, PySpark successfully overrides the default comma setting,
identifies the semicolon as the field separator, and correctly splits the data into distinct columns,
resulting in the desired tabular structure. This highlights the powerful and necessary flexibility of
the spark. read. csv() function. Always confirm the actual delimiter used by your source file
before attempting ingestion to avoid common parsing errors. Other powerful options that can be
used alongside sep include i nf er Schema=Tr ue (to automatically determine data types based on
content) and encodi ng (for handling specific character sets like UTF-8 or ISO-8859-1).

Summary and Advanced Configuration Options

We have successfully demonstrated the three fundamental methods for reading CSV Files into a
PySpark DataFrame: the default mode, specifying a header row, and handling custom delimiters
using the sep argument. Mastering these techniques is essential for efficient data preparation in a
distributed computing environment like Apache Spark. The appropriate choice of method depends
entirely on the structure and quality of your input data. In most professional settings, using
header =Tr ue is the standard approach to ensure schema clarity, unless you are deliberately
dealing with schema-less data or truly raw, unformatted logs where column names are dynamically
assigned downstream.

Beyond the basic examples provided, the spar k. read. csv() function offers numerous additional
parameters that address complex ingestion challenges, such as handling malformed records
(using node), specifying a custom schema (using schena rather than relying on inference), or
dealing with quoted text fields that might contain the actual delimiter (using quot e and escape).
For instance, the i nf er Schema option, while convenient for quick exploration, should be used
cautiously on very large datasets, as it requires Spark to read the entire file twice, significantly
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impacting performance. For optimal speed in production pipelines, defining a schema explicitly is
often the recommended best practice.

In conclusion, the spark.read.csv() utility is a versatile and powerful tool within the PySpark

ecosystem. By carefully configuring parameters such as header and sep, developers and data
engineers can ensure that data is loaded accurately and efficiently, setting the stage for high-
performance distributed analytics. Precision during the data ingestion phase, which is the very first
step in the data pipeline, significantly prevents costly errors and rework later on.

Additional Resources for PySpark Mastery

To continue expanding your knowledge of data manipulation and ETL processes within the Apache
Spark framework, explore the following resources which detail how to perform other common tasks
and optimize your distributed computing workflows:

Techniques for defining and enforcing manual schemas in PySpark to boost performance.
Methods for writing large DataFrames back to optimized formats like Parquet or ORC.
Advanced filtering and transformation operations using PySpark SQL functions and UDFs.
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