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Introduction to the Multinomial Distribution

The Multinomial distribution (Link 3/5) is a cornerstone concept within probability theory,

representing a sophisticated and essential generalization of the well-known Binomial distribution

(Link 2/5). While the Binomial distribution restricts analysis to trials with only two possible

outcomes--typically labeled success and failure--the Multinomial distribution extends this

framework to handle scenarios where a trial can result in k different, mutually exclusive outcomes.

This versatility makes it indispensable for modeling real-world complexity where results are

categorical and numerous.

This distribution accurately describes the likelihood of observing a specific set of counts for each of

the k categories across a fixed total number of independent trials. It moves beyond simple binary

analysis, allowing statisticians and data scientists to analyze events such as the distribution of

survey responses across multiple options, the frequency of outcomes when rolling multi-sided dice,

or the distribution of genetic traits within a population. Understanding its application is fundamental

for anyone engaging in advanced statistical modeling and prediction.

To properly employ the Multinomial distribution, several stringent conditions must be rigorously

satisfied. First, the total number of trials, denoted as n, must be predefined and fixed before the

experiment begins. Second, the trials must be independent; the result of one trial cannot influence

the result of any subsequent trial. Third, the probability of each outcome occurring (p1, p2, ..., pk)

must remain constant throughout all trials. Finally, the outcomes must be mutually exclusive and

exhaustive, meaning every trial must result in exactly one of the k possible outcomes. When these

assumptions hold, we can define a random variable X and determine the precise probability (Link

5/5) that outcome 1 occurs exactly x1 times, outcome 2 occurs x2 times, and so forth.

The Multinomial Probability Mass Function (PMF)

The core mathematical tool for calculating multinomial probabilities is the probability mass function

(PMF). This function provides the likelihood of observing a specific vector of counts (x1, x2, ..., xk)

given the fixed parameters of the system (n and pi values). The resulting PMF calculation is

derived from two distinct components: the number of ways the specific combination of results can

occur, and the cumulative probability of any single sequence resulting in those counts.

The formal formula used to calculate this probability for a set of counts (x) and probabilities (p) is

structured as follows, representing the product of the combinatorial coefficient and the probability

terms:

Probability = n! / (x1! * x2! ... * xk!) * (p1x1 * p2x2 * ... * pkxk)

The first part of this equation, often called the multinomial coefficient, utilizes factorials (Link 2/5) to
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determine the number of distinct ways to arrange the specified counts across the n trials. This

calculation is essential because the order in which the outcomes occur does not affect the final

probability, yet we must account for all possible sequences. The second part calculates the

probability of achieving one specific sequence of results by raising each individual outcome

probability (pi) to the power of the number of times that outcome occurred (xi). The product of

these two parts yields the desired multinomial probability.

n: This variable represents the total number of events or independent trials conducted. It must

hold true that n = x1 + x2 + ... + xk.

xi: This denotes the exact number of times outcome i occurs within the sequence of trials.

pi: This represents the fixed probability that outcome i occurs in any single trial. A crucial

requirement is that the sum of all probabilities must equal one (p1 + p2 + ... + pk = 1).

While the formula is elegant, calculating this probability manually, especially when dealing with

large sample sizes (high n) or a large number of categories (high k), quickly becomes complex and

prone to computational errors. This difficulty highlights the necessity of using specialized statistical

software (Link 1/5) like R, which is optimized to handle these calculations efficiently and accurately.

Implementing the dmultinom() Function in R

The R programming environment (Link 1/5) is the industry standard for statistical computing, and it

includes a native suite of functions for handling various probability distributions. For calculating the

exact probability associated with a specific set of counts under the Multinomial distribution, R

provides the powerful built-in function dmultinom() (Link 4/5). This function abstracts away the

complex factorial computations and allows the user to focus purely on defining the experimental

parameters.

To execute a multinomial probability calculation using R, the dmultinom() function requires two

key input vectors that precisely map to the mathematical parameters x (counts) and p

(probabilities). The basic syntax is intuitive and designed for direct application:

dmultinom(x = c(x1, x2, ..., xk), prob = c(p1, p2, ..., pk))

A clear understanding of the arguments is vital for generating correct results:

x: This required argument is a numeric vector that contains the observed or desired frequencies

(counts) for each outcome category. The internal logic of the function implicitly determines the total

number of trials (n) by summing the elements within this x vector.

prob: This is a numeric vector containing the fixed, known probability associated with each

corresponding outcome category. It is paramount that the sum of all elements in the prob vector is

exactly 1, adhering to the fundamental rules of probability theory. The order of the counts in x must

https://en.wikipedia.org/wiki/Statistical_software
https://en.wikipedia.org/wiki/Statistical_software
https://www.r-project.org/
https://www.rdocumentation.org/packages/stats/versions/3.6.2/topics/Multinomial
https://statistics.arabpsychology.com/?p=7778
https://statistics.arabpsychology.com
https://statistics.arabpsychology.com


Learning the Multinomial Distribution in R: A Comprehensive Guide 4

PSYCHOLOGICAL STATISTICS statistics.arabpsychology.com

directly correspond to the order of the probabilities in prob.

The efficiency and reliability of R make it the preferred method for solving these types of probability

problems, eliminating the manual effort required to calculate large factorials (Link 3/5) and ensuring

that the results are computationally accurate. The following practical examples demonstrate how to

translate typical statistical problems into the vector format required by the dmultinom() function.

Example 1: Analyzing Categorical Election Results

Consider a scenario involving a local political election featuring three distinct candidates: A, B, and

C. Based on extensive historical voting records, the fixed likelihood of a randomly selected voter

choosing each candidate is known: Candidate A is favored by 10% (pA = 0.1), Candidate B by

40% (pB = 0.4), and Candidate C by 50% (pC = 0.5). These probabilities are assumed to be

constant across all voters.

If we conduct an exit poll involving a random sample of 10 voters (n=10), we seek to determine the

precise probability that our sample results in exactly 2 votes for candidate A, 4 votes for candidate

B, and 4 votes for candidate C. This scenario perfectly fits the multinomial model, as the trials are

independent and the probabilities are fixed.

To calculate this in R, we define our counts vector x as c(2, 4, 4) and our probability vector

prob as c(.1, .4, .5). Note that the sum of counts (2+4+4) equals the total trials (10), and the

sum of probabilities (0.1+0.4+0.5) equals 1. The code execution is straightforward:

# Define counts (x) and probabilities (prob)

# x = (A=2, B=4, C=4)

# prob = (A=0.1, B=0.4, C=0.5)

dmultinom(x=c(2, 4, 4), prob=c(.1, .4, .5))

0.0504

The probability of observing exactly 2 votes for A, 4 for B, and 4 for C, out of 10 sampled voters, is

calculated as 0.0504. This result indicates that this specific outcome combination is expected to

occur in approximately 5.04% of all possible random samples of size 10.

Example 2: Analyzing Sampling Outcomes with Replacement

Imagine a classic statistical scenario involving an urn that holds a vast number of balls of three

different colors: Yellow, Red, and Blue. The composition of the urn provides the fixed probabilities:

60% Yellow (p=0.6), 20% Red (p=0.2), and 20% Blue (p=0.2). Crucially, after each ball is drawn, it

is replaced before the next draw. This mechanism ensures that every draw is an independent trial,
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satisfying a core requirement of the multinomial distribution (Link 4/5).

If we randomly select a total of 4 balls (n=4) from the urn with replacement, we want to find the

likelihood that all 4 balls selected are yellow. This translates to a target outcome vector of 4 Yellow,

0 Red, and 0 Blue.

We set our counts vector x to c(4, 0, 0) and the corresponding probability vector prob to c(.6,

.2, .2). The calculation in the R programming environment (Link 2/5) is as follows:

# Define counts (x) and probabilities (prob)

# x = (Yellow=4, Red=0, Blue=0)

# prob = (Y=0.6, R=0.2, B=0.2)

dmultinom(x=c(4, 0, 0), prob=c(.6, .2, .2))

0.1296

The probability that all 4 balls selected are yellow is 0.1296. This example powerfully illustrates

why the assumption of independence is critical; if the sampling had been done without

replacement, the probabilities would change with each draw, and the multinomial distribution would

no longer be the appropriate statistical model.

Example 3: Modeling Multi-Outcome Sporting Events

Consider a series of chess games played between two consistent students, Player A and Player B.

Based on their established performance, the probability of the three possible outcomes in any

given game is fixed and independent of previous results: Player A wins (pA = 0.5), Player B wins

(pB = 0.3), and the game ends in a tie (pTie = 0.2).

If they agree to play a total of 10 games (n=10), we are interested in determining the specific

probability that the final result breakdown is: Player A wins 4 times, Player B wins 5 times, and they

tie 1 time. This scenario involves three mutually exclusive outcomes, fixed probabilities, and a fixed

number of independent trials.

We structure the problem for R by defining the count vector x as c(4, 5, 1), and the

corresponding probability vector prob as c(.5, .3, .2). We then utilize the dmultinom() (Link

5/5) function to perform the intricate calculation:

# Define counts (x) and probabilities (prob)

# x = (A_Wins=4, B_Wins=5, Tie=1)

# prob = (A=0.5, B=0.3, T=0.2)

dmultinom(x=c(4, 5, 1), prob=c(.5, .3, .2))
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0.0382725

The calculated probability that player A wins 4 times, player B wins 5 times, and they tie 1 time is

approximately 0.0383. This low value suggests that while possible, this exact combination of

outcomes is relatively unlikely compared to other distributions of wins and losses.

Summary and Conclusion

The Multinomial distribution (Link 5/5) is an exceptionally powerful statistical model for analyzing

and predicting the likelihood of specific outcomes in experiments involving multiple discrete

categories. It provides a robust framework for systems where events are independent and the

probabilities remain constant across a fixed number of trials, moving beyond the binary limitations

of the Binomial model.

The complexity inherent in calculating multinomial coefficients and probability products manually is

effectively neutralized by utilizing the R programming environment (Link 3/5) and its highly efficient

dmultinom() function. This accessibility allows researchers and analysts in fields ranging from

quality control, epidemiology, and genetics to marketing and political science to apply this

distribution rigorously. Mastering the proper setup of the x and prob vectors in R is the key to

unlocking the full analytical potential of this fundamental probability distribution.

For those seeking deeper statistical insight, further study of the underlying combinatorial principles

and advanced applications of the Multinomial distribution is highly recommended.

The following tutorials provide additional information about the binomial distribution (Link 3/5),

which provides the foundation for this generalized model:
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